Main Operational runs e MetCoOp - A joint Swedish-Norwegian NWP production

4 analyses and forecasts per day. 00, 06, 12, HarmonEPS status in MetCoOp New HPC resource at SMHI: Frost

18 « Cycle 40. * 5,984 core cluster, Intel Xeon E5-
« AROME-MetCoOp domain @2.5 km 2640v3 processors at 2.6 GHz

« AROME and ALARO control run + 8 « Delivered by ClusterVision
AROME members.

 Lead times: control runs: +66hr,
members: +36hr.

* Perturbations: IC and LBC from SLAF
(or ECMWEF-ENS),

« perturbations of physics

« Cut-off: 1hr 15min. Delivery: 2hr 15min.

« Cycling, members: 6 hourly, control
runs: 3 hourly.

« Experiment for this test period is running
now on Frost and

 Vilje. Evaluate this test period.

« Good stability and quality before
distributed. First impression important.

« Dally test runs autumn 2015,
operational runs 2016.

HARMONIE Arome, 2.5km —
3D-VAR 3h-RUC +60h
HARMONIE-RCR for cy38hl

HIRLAM C 11km —
4D-VAR 2 loop LSMIX +60 h
2 hours data cut-off

HIRLAM E 5 km —
3D-VAR no LSMIX+48 hours
1 hour 20 min data cut-off

1 hourly ECMWF boundaries

ECMWF GTS -> BUFR obs preprocessing
SYNOP,SHIP, TEMP,PILOT,
BUOY,AIREP,AMDAR

BUFR AMDAR

ATOVS AMSU-A radiances — EARS

Radar reflectivities and winds passive in

HARMONIE

HARMONIE-Climate — Combining NWP and
climate modelling

Name Model gridpoints levels timestep  Assimilation Boundaries
First HARMONIE-Climate training was held on September 2015. Now we can
. -g . p . .
C11 Hirlam 7.1.2 606x606 60 300 s AD-Var ECMWE run AROME and ALARO in multi-year climate mode within the HARMONIE
: system. |.e. downscaling of boundary conditions without data assimilation.
= ST 7os dhexeis e Labe Eb-r AR This offers a new HARMONIE-tool for model development and sensitivity
studies. More information can be found here:
MetCoOp AM25 HARMONIE y38h1l.1 750x960 65 60 s 3D-Var 3h-RUC ECMWF https://hirlam.org/trac/wiki/HarmonieClimate
Stochastic parameterization of cumulus convection in a meso- UUI Spread Skill relationship Ake Johansson (SMHI)
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Figure 1: Mean Bias and Spread-Skill for the system is improved with the stochastic ensemble mean, standard deviation error SDE, ., of evolution (black) for 850hPa-
reference experiment in black, and the CA- L ensemble mean based on perturbed members only, temperature RMSE, verification
implicit experiment in orange parameterization. standard deviation error SDE; of perturbed members,  gtatistics against observations (blue) Reference: Johansson, A., 2015:...
and the latter for Desroziers-corrected errors SDEpc. and analysis (red) are derived based
Ensemble spread with all members ESD and with on Desroziers et al. (2005).
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Advances with Radar assimilation Martin Ridal ﬁ/Of'gla' data
Radar da’ta’ IS used Operatlona”y Hormalized nean RHSE diff (98% conf) AH25_seno - AH25_szeno_bufr . _ b . .
since 16 June 2015 T pariod;, zelietiy sicgier " Tests with new turbulence Temperature. Period: 20101120-20101210
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_ RACMO Figure:Verification of the temperature for different pressure-level
— : : Magnus Lindskog (SMHI), . . o heights for a cold winter period. (November 20 to December 10,
Data Assimilation of IASI radiances Roger Randriamampianina (MET) * More mixed result for cloudiness,precipitation 2010) Red is without the HARATU modifications and green is with
_ _ _ _ and T2m temperature HARATU changes (Mean error and mean absolute error)
Aim: |ASI radiances do have potential to Results: IASI radiances are currently
Improve the quality of NWP forecasts, and assimilated in preoperational mode with
there is a huge amount of data. encouraging results. ™
Future plans include introducing IASI Quality control, bias correction and URRAH European regional reanalysis project UERRA
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Weighting functions for the 55 (outof 8000) channels Example of data usage for one 2010. Left RMSE and bias for T2m during DJF. Right: Kuiper skill
used (left temperature sensitive, right humidity sensitive) particular case and channel score for 12h-precipitation during JJA.




